Copyright © IJCESEN

International Journal of Computational and Experimental

WOESEN
Science and ENgineering - o ’
(IJCESEN) N

Vol. 9-No.4 (2023) pp. 453-460 —-

http://www.ijcesen.com o
D | ISSN: 2149-9144

Research Article

Integrating Data Governance and Advanced Analytics to Improve Enterprise

Decision-Making
Devang Joshi*

Senior Consultant at Ernst & Young, Chicago, USA

* Corresponding Author Email: devan2g@gmail.com- ORCID: 0000-0002-5247-1110

Article Info:

DOI: 10.22399/ijcesen.4512
Received : 02 November 2023
Accepted : 30 November 2023

Keywords

Data governance,

advanced analytics,
enterprise decision-making,
business intelligence,
organizational performance

Abstract:

In an increasingly data-driven business environment, enterprises are under growing
pressure to transform large volumes of data into reliable and timely decisions. This
study examines the integrated role of data governance and advanced analytics in
improving enterprise decision-making effectiveness. Using a mixed-methods research
design, data were collected from medium- and large-scale enterprises through structured
surveys and executive interviews. Key constructs included Data Governance Maturity,
Advanced Analytics Capability, and Enterprise Decision-Making Effectiveness, which
were analyzed using reliability testing, correlation analysis, and Structural Equation
Modeling. The findings reveal strong positive relationships between data governance
and analytics capabilities, as well as a significant impact of analytics on decision
quality, speed, and strategic alignment. Results indicate that organizations with mature
governance frameworks and advanced analytical infrastructures achieve superior
decision outcomes compared to those with fragmented or siloed systems. The study
highlights the synergistic effect of aligning governance structures with analytical
processes, demonstrating that neither governance nor analytics alone is sufficient to
maximize enterprise value. This research contributes to existing literature by providing
empirical evidence on the combined influence of governance and analytics and offers a
practical framework to guide enterprises in building integrated, analytics-led decision-
making ecosystems.

1. Introduction

analytics to transform raw data into reliable,
actionable intelligence for enterprise-level decision-

The growing strategic role of data in enterprise
decision-making

In the contemporary digital economy, data has
emerged as a critical organizational asset that
shapes strategic planning, operational efficiency,
and competitive advantage. Enterprises across
sectors increasingly rely on data-driven insights to
navigate market uncertainty, optimize resource
allocation, and enhance customer engagement
(Gade, 2021). However, the rapid expansion of data
sources, formats, and volumes has created
significant challenges related to data quality,
consistency, security, and accessibility (Cai & Zhu,
2015). Without structured governance mechanisms
and advanced analytical capabilities, organizations
risk making fragmented or biased decisions that
undermine performance (Pirson & Turnbull, 2011).
This has intensified the need to integrate robust
data governance frameworks with advanced

making.

Challenges of fragmented data environments in
modern organizations

Despite  significant  investments in  data
infrastructure, many enterprises continue to
struggle  with siloed information systems,

inconsistent  data  standards, and limited
interoperability across departments (Bankole &
Lateefat, 2023). These fragmented environments
often result in duplicated efforts, conflicting
reports, and reduced trust in analytical outputs
among decision-makers. Poor metadata
management, lack of clear data ownership, and
weak accountability structures further complicate
the effective use of organizational data (Adepoju et
al., 2023). In such contexts, even sophisticated
analytical tools fail to deliver meaningful value
because the underlying data lacks integrity and
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governance. Addressing these structural challenges
is essential for ensuring that analytics-driven
insights are timely, accurate, and aligned with
organizational objectives (Rangineni et al., 2023).

Importance of data governance frameworks for
enterprise resilience

Data governance provides the structural backbone
that ensures data is managed as a strategic resource
rather than a byproduct of operations.
Comprehensive governance frameworks establish
clear policies, standards, roles, and procedures for
data creation, storage, access, sharing, and disposal
(Huff & Lee, 2020). These frameworks promote
data quality, regulatory compliance, privacy
protection, and ethical data use, which are
increasingly critical in an era of stringent data
protection laws and heightened stakeholder
scrutiny. By institutionalizing stewardship roles and
accountability mechanisms, data governance
enhances organizational resilience and reduces
operational and reputational risks, thereby creating
a stable foundation upon which advanced analytics
can reliably function (Nwaimo et al., 2023).

Transformative potential of advanced analytics
in enterprise intelligence

Advanced analytics, including machine learning,
predictive modeling, and real-time data processing,
has transformed how enterprises extract value from
complex datasets (Oluoha et al., 2022). Unlike
traditional descriptive reporting, advanced analytics
enables organizations to anticipate trends, identify
hidden patterns, and simulate strategic scenarios
before they unfold (Minelli et a., 2013). When
aligned with well-governed data ecosystems, these
analytical capabilities empower leaders to make
faster, more accurate, and more confident decisions
across finance, marketing, supply chain, and risk
management functions. The convergence of
governance and analytics therefore represents a
paradigm shift from reactive, intuition-based
management  to  proactive, evidence-driven
enterprise intelligence (Ayodeji et al., 2022; Faruk
& Sultana, 2021).

Need for an integrated approach to governance
and analytics

While data governance and advanced analytics are
often implemented as separate organizational
initiatives, their isolated deployment significantly
limits their collective impact (Olayinka, 2022).
Governance without analytics may ensure
compliance but fails to generate strategic value,
whereas analytics without governance may produce
rapid insights based on unreliable or biased data
(Rangineni et al., 2023). An integrated approach
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aligns governance structures with analytical
objectives, ensuring that data pipelines, quality
controls, access rights, and ethical standards
directly support analytical workflows (Ogeawuchi
et al., 2022). This alignment fosters trust in
insights, accelerates decision cycles, and enhances
cross-functional collaboration by creating a shared
organizational language around data.

Research gap and purpose of the study

Although existing literature has examined data
governance and business analytics independently,
limited empirical research has focused on their
combined impact on enterprise decision-making
effectiveness (Mikalef et al., 2018). There remains
a need for systematic investigation into how
integrated  governance—analytics  architectures
influence decision speed, accuracy, and strategic
alignment within enterprises. This study aims to
examine the mechanisms through which data
governance and advanced analytics jointly improve
enterprise decision-making, identify critical success
factors, and propose a practical framework to guide
organizations toward more intelligent, transparent,
and high-performance decision ecosystems.

2. Methodology
Research design and overall approach

This study adopted a mixed-methods research
design to examine how the integration of data

governance and advanced analytics influences
enterprise  decision-making. A sequential
explanatory  approach was used, wherein

guantitative data were collected and analyzed first,
followed by qualitative exploration to contextualize
and validate the gquantitative findings. The research
was designed as a cross-sectional organizational
study, capturing data from multiple functional units
within enterprises to ensure a comprehensive
understanding of governance—analytics integration
and its impact on decision processes.

Sampling strategy and study context

The study targeted medium- and large-scale
enterprises across manufacturing, services, and
technology sectors. A purposive sampling
technique was applied to select organizations that
had implemented formal data governance structures
and advanced analytics tools. Within each
organization, respondents were drawn from senior
management, data management teams, analytics
professionals, and functional decision-makers. The
final sample consisted of 220 respondents from 25
enterprises. Key inclusion criteria included active
use of data governance policies, operational
analytics platforms, and a minimum of three years
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of organizational maturity in digital transformation
initiatives.

Variables and operationalization

The core independent wvariable was Data
Governance Maturity (DGM), operationalized
through dimensions such as policy framework
strength, data quality management, metadata
management, data  stewardship, regulatory
compliance, and data security controls. The
mediating variable was Advanced Analytics
Capability (AAC), measured through indicators
including use of predictive analytics, machine
learning adoption, real-time analytics, data
visualization sophistication, and automation in
reporting. The dependent variable was Enterprise
Decision-Making Effectiveness (EDME), assessed
through decision speed, decision accuracy, strategic
alignment, risk mitigation, and organizational
agility. Control variables included organizational
size, industry type, IT infrastructure maturity, and
employee data literacy levels.

Data collection instruments and procedures
Primary data were collected using a structured
guestionnaire designed on a five-point Likert scale
ranging from strongly disagree (1) to strongly agree
(5). The questionnaire consisted of 48 items divided
across governance, analytics, and decision-making
constructs. Prior to full deployment, a pilot study
with 20 respondents was conducted to test the
clarity and reliability of the instrument. Secondary
data were collected from organizational reports,
policy documents, and system usage logs to
triangulate the primary data and enhance the
robustness of findings.

Data preparation and quality assessment

Data screening involved checking for missing
values, outliers, and normality using descriptive
statistics and graphical diagnostics. Reliability was
assessed using Cronbach’s alpha, with a threshold
of 0.70 accepted for internal consistency. Construct
validity was examined through Exploratory Factor
Analysis (EFA) and Confirmatory Factor Analysis
(CFA). Multicollinearity among variables was
tested using Variance Inflation Factor (VIF),
ensuring values remained below the acceptable
threshold of 5. Data were standardized where
necessary to ensure comparability across
constructs.

Analytical techniques and statistical procedures
Descriptive statistics were used to summarize
respondent profiles and organizational
characteristics. Correlation analysis was conducted
to examine the relationships among Data
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Governance  Maturity, Advanced  Analytics
Capability, and Enterprise Decision-Making
Effectiveness. Structural Equation Modeling (SEM)
was employed to test the hypothesized relationships
and mediating effects, using maximum likelihood
estimation. Multiple regression analysis was also
conducted to assess the direct and indirect effects of
governance and analytics on decision outcomes.
Model fit was evaluated using indices such as CFlI,
TLI, RMSEA, and SRMR.

Qualitative validation and triangulation

To complement the quantitative findings, semi-
structured interviews were conducted with 15
senior executives and data managers. The
interviews focused on practical experiences,
implementation challenges, and perceived benefits
of integrating governance and analytics. Thematic
analysis was applied to the qualitative data using a
coding framework aligned with the study variables.
The integration of quantitative and qualitative
findings enabled methodological triangulation,
strengthening the credibility and practical relevance
of the study outcomes.

Ethical considerations and data protection
measures
Ethical approval was obtained prior to data

collection, and informed consent was secured from
all participants. Organizational anonymity and
respondent confidentiality were strictly maintained.
Data were stored in encrypted formats, and access
was restricted to the research team. All procedures
were aligned with relevant data protection
standards and ethical research guidelines to ensure
integrity and transparency throughout the research
process.

3. Results

The results of this study demonstrate a strong and
consistent relationship between data governance
maturity, advanced analytics capability, and
enterprise decision-making effectiveness. As shown
in Table 1, the mean scores for Data Governance
Maturity (3.82 £ 0.61), Advanced Analytics
Capability (3.67 + 0.64), and Enterprise Decision-
Making Effectiveness (3.91 + 0.58) indicate a
generally high level of adoption of governance
structures and analytical tools across the
participating enterprises. These descriptive statistics
suggest that most organizations in the sample have
moved beyond basic data management practices
toward more structured and analytics-driven
operational models.

The measurement model exhibited strong reliability
and validity, confirming the robustness of the
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research instrument. As reported in Table 2,
Cronbach’s alpha values exceeded 0.89 for all
major constructs, and factor loading ranges
remained within acceptable limits, demonstrating
high internal consistency and construct validity.
This confirms that the indicators used to measure
governance, analytics, and decision-making
effectiveness were statistically sound and suitable
for advanced multivariate analysis.

Correlation analysis revealed significant positive
associations among the principal study variables.
Table 3 shows that Data Governance Maturity was
strongly correlated with Advanced Analytics
Capability (r = 0.68, p < 0.01) and Enterprise
Decision-Making Effectiveness (r = 0.72, p < 0.01),
while Advanced Analytics Capability also showed
a strong positive correlation with Decision-Making
Effectiveness (r = 0.75, p < 0.01). These findings
suggest that enterprises with more mature
governance frameworks tend to develop stronger
analytical capabilities, which in turn enhances the
quality and speed of managerial decisions.

The structural relationships were further validated

analytical infrastructure. In addition, Advanced
Analytics Capability had a substantial positive
effect on Enterprise Decision-Making Effectiveness
(B = 0.78, p < 0.001), while Data Governance
Maturity also showed a direct, though
comparatively smaller, effect on Decision-Making
Effectiveness (B = 0.36, p < 0.001). These effects
are visually summarized in Figure 1, which

illustrates the integrated structural model of
governance and analytics driving enterprise
decisions.

Graphical comparisons of effect sizes are presented
in Figure 2, highlighting that the influence of
Advanced Analytics Capability on decision
effectiveness is stronger than the direct effect of
data governance alone. This emphasizes that while
governance provides the foundation, the true
performance gains are realized when advanced
analytics  are  effectively  operationalized.
Furthermore, maturity patterns across governance
and analytics dimensions are depicted in Figure 3,
which shows relatively high scores for policy
framework strength and data security, alongside

through  Structural Equation Modeling. As moderate but growing capabilities in machine
presented in Table 4, the path from Data learning adoption and automated reporting.
Governance Maturity to Advanced Analytics Collectively, these results confirm that the
Capability was strong and statistically significant (3 integration of strong data governance with
= 0.71, p < 0.001), indicating that governance advanced  analytics  significantly  enhances
mechanisms play a critical role in strengthening enterprise decision-making performance.

Table 1. Descriptive statistics of data governance, analytics, and decision-making constructs

Construct Mean Standard Minimum Maximum
Deviation

Data Governance Maturity (DGM) 3.82 0.61 2.10 4.90

Advanced Analytics Capability (AAC) 3.67 0.64 2.00 4.85

Enterprise Decision-Making Effectiveness (EDME) 3.91 0.58 2.30 4,95

IT Infrastructure Maturity 3.74 0.60 2.20 4.80

Data Literacy Level 3.56 0.65 2.00 4,70

Table 2. Reliability and factor loading results

Construct Number of Cronbach’s Factor Loadings
Items Alpha Range
Data Governance Maturity 12 0.91 0.71-0.89
Advanced Analytics Capability 14 0.89 0.69 - 0.87
Decision-Making Effectiveness 10 0.92 0.74 -0.91
Table 3. Pearson correlation matrix
Variables DGM AAC EDME
DGM 1.00 0.68** 0.72**
AAC 0.68** 1.00 0.75**
EDME 0.72** 0.75** 1.00
Table 4. Structural path coefficients
Hypothesized Path | Standardized t-value p-value Result
DGM — AAC 0.71 9.84 <0.001 Supported
AAC — EDME 0.78 10.21 <0.001 Supported
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| DGM - EDME [ 0.36 | 5.12 | <0.001 | Supported
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Figure 2. Impact comparison of governance and analytics on enterprise decisions
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Figure 3. Radar chart showing maturity levels of governance and analytics dimensions
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4. Discussion

Relationship between data governance and
analytics capabilities

The results of this study clearly demonstrate that
data governance maturity is a critical enabler of
advanced analytics capability within enterprises.
The strong and significant path coefficient reported
in Table 4 and visualized in Figure 1 confirms that
well-defined governance structures, including clear
policies, stewardship roles, and data quality
controls, directly strengthen an organization’s
ability to deploy sophisticated analytical tools. This
finding aligns with contemporary theories of data-
driven management, which emphasize that
analytics cannot function effectively in isolation
from structured data management practices (Wang,
2017). The strong correlation values presented in
Table 3 further suggest that governance and
analytics are not independent constructs but operate
as tightly integrated organizational capabilities.
Influence of analytics-driven on
decision-making effectiveness

The study reveals that advanced analytics capability
has the most substantial influence on enterprise
decision-making effectiveness. As shown in Table
4 and Figure 2, the impact of analytics on decision
quality, speed, and strategic alignment is stronger
than the direct influence of governance alone. This
indicates that while governance establishes the
foundation of trust, security, and standardization, it
is the analytical processing of data that transforms
governance outcomes into actionable strategic
insights (Sarker et al., 2018; Alabi, 2023). The
radar representation in Figure 3 also highlights that
organizations with higher adoption of predictive
analytics, real-time dashboards, and advanced
visualization techniques experience more agile and
evidence-based decision processes.

insights

Strategic value of integrating governance and
analytics

The findings suggest that enterprises achieve the
highest decision-making performance when data
governance and advanced analytics are
implemented as an integrated framework rather
than as standalone initiatives. The simultaneous
significance of both direct and indirect effects in
Table 4 indicates the presence of a synergistic
relationship, where governance not only improves
decisions directly but also enhances analytics
capability, which then further amplifies decision
effectiveness.  This  integrated model, as
summarized in Figure 1, demonstrates how
organizations can shift from reactive decision-
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making to proactive, intelligence-driven strategies
by aligning data control mechanisms with
analytical innovation.

Organizational and managerial implications of
the findings

From a practical perspective, the results indicate
that organizations should prioritize investments in
both governance infrastructure and analytical
competencies. The descriptive patterns in Table 1
and maturity profiles in Figure 3 suggest that while
many enterprises have made progress in policy
development and data security, relatively lower
scores in machine learning adoption and automated
reporting present opportunities for strategic
improvement. Senior management can use these
results to justify balanced resource allocation
toward strengthening stewardship roles, enhancing
employee data literacy, and scaling analytical
platforms to maximize the return on data-related
investments and improve organizational agility
(Malik, 2023; Krishnaswamy, 2023).

Contribution to existing literature and
theoretical frameworks

This study extends existing literature by empirically
validating the combined impact of data governance
and advanced analytics on enterprise decision-
making effectiveness. While previous studies have
focused on governance or analytics in isolation, the
integrated empirical evidence presented in Tables
2-4 and Figures 1-3 supports a more holistic
conceptualization of data-driven organizational
capability. The findings contribute to resource-
based and capability-driven  theories by
demonstrating that governance structures and
analytics capabilities function as complementary
strategic assets that jointly enhance enterprise
performance and adaptive capacity (Zollo et al.,
2016; Wamba et al., 2017).

Limitations and directions for future research

Despite the robustness of the findings, several
limitations should be acknowledged. The cross-
sectional design restricts the ability to make strong
causal inferences over time, and the reliance on
self-reported measures may introduce response bias
(Bauhoff, 2011). Future studies could adopt
longitudinal research designs and incorporate
objective performance metrics to further validate
the relationships identified in this research.
Additionally, expanding the sample across diverse
geographic regions and industry sectors would
enhance the generalizability of results and provide
deeper insights into how contextual factors
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influence the integration of data governance and
advanced analytics (Bibri & Krogstie, 2017).

5. Conclusion

This study concludes that the effective integration
of robust data governance frameworks with
advanced analytics capabilities  significantly
enhances enterprise decision-making performance.
The findings confirm that data governance serves as
the foundational mechanism for ensuring data
quality, security, and consistency, while advanced
analytics transforms well-governed data into
actionable insights that improve the speed,
accuracy, and strategic alignment of organizational
decisions. The synergistic relationship between
governance and analytics enables enterprises to
move from reactive, intuition-based management
toward proactive, evidence-driven strategies. By
demonstrating both direct and indirect effects on
decision-making effectiveness, this research
provides empirical support for the need to adopt an
integrated, enterprise-wide approach to data
management and analytics, offering practical
guidance for organizations seeking to build
resilient, intelligent, and high-performing decision
ecosystems.

Author Statements:

e Ethical approval: The conducted research is
not related to either human or animal use.

e Conflict of interest: The authors declare that
they have no known competing financial
interests or personal relationships that could
have appeared to influence the work reported in
this paper

o Acknowledgement: The authors declare that
they have nobody or no-company to
acknowledge.

e Author contributions: The authors declare that
they have equal right on this paper.

e Funding information: The authors declare that
there is no funding to be acknowledged.

e Data availability statement: The data that
support the findings of this study are available
on request from the corresponding author. The
data are not publicly available due to privacy or
ethical restrictions.

References

Adepoju, A. H., Austin-Gabriel, B., Eweje, A., &
Hamza, O. (2023). A data governance framework
for high-impact programs: Reducing redundancy
and enhancing data quality at scale. International

459

Journal of Multidisciplinary Research and Growth
Evaluation, 4(6), 1141-1154.

Alabi, M. (2023). Data Governance and Quality:
Ensuring Data Reliability and
Trustworthiness. ResearchGate, October.

Ayodeji, D. C., Oladimeji, O., Ajayi, J. O,

Akindemowo, A. O., Eboseremen, B. O., Obuse,
E., ... & Erigha, E. D. (2022). Operationalizing
analytics to improve strategic planning: A business
intelligence case study in digital finance. Journal of
Frontiers in Multidisciplinary Research, 3(1), 567-
578.

Bankole, F. A., & Lateefat, T. (2023). Data-Driven
Financial Reporting Accuracy Improvements
Through Cross-Departmental Systems Integration
in Investment Firms.

Bauhoff, S. (2011). Systematic self-report bias in health
data: impact on estimating cross-sectional and
treatment effects. Health Services and Outcomes
Research Methodology, 11(1), 44-53.

Bibri, S. E., & Krogstie, J. (2017). The core enabling
technologies of big data analytics and context-
aware computing for smart sustainable cities: a
review and synthesis. Journal of Big Data, 4(1), 38.

Cai, L., & Zhu, Y. (2015). The challenges of data quality
and data quality assessment in the big data
era. Data science journal, 14, 2-2.

Faruk, O. M., & Sultana, M. S. (2021). Comparative
analysis of Bl systems in the US and Europe:
Lessons in data governance and predictive
analytics. Journal of Sustainable Development and
Policy, 1(5), 01-38.

Gade, K. R. (2021). Data-driven decision making in a
complex  world. Journal ~ of  computational
innovation, 1(1).,, K. R. (2021). Data-driven
decision making in a complex world. Journal of
computational innovation, 1(1).

Huff, E., & Lee, J. (2020, July). Data as a strategic asset:
Improving results through a systematic data
governance framework. In SPE Latin America and
Caribbean Petroleum Engineering Conference (p.
D031S013R001). SPE.

Krishnaswamy, P. (2023). Winning with DataOps:
Harnessing Efficiency in the Enterprise. Libertatem
Media Private Limited.

Malik, S. A. (2023). Unlocking Organizational Potential:
Harnessing Al literacy for Dynamic Capabilities
through sensing, seizing and reconfiguring
initiatives in IT firms.

Mikalef, P., Pappas, I. O., Krogstie, J., & Giannakos, M.
(2018). Big data analytics capabilities: a systematic
literature review and research agenda. Information
systems and e-business management, 16(3), 547-
578.

Minelli, M., Chambers, M., & Dhiraj, A. (2013). Big
Data Big Analytics: Emerging  Business
Intelligence and Analytic Trends for Todays
Businesses. John Wiley.

Nwaimo, C. S., Oluoha, O. M., & Oyedokun, O. (2023).
Ethics and governance in data analytics: balancing
innovation  with responsibility. International
Journal of Scientific Research in Computer



Devang Joshi / IJCESEN 9-4(2023)453-460

Science, Engineering and Information
Technology, 9(3), 823-856.

Ogeawuchi, J. C., Akpe, O. E., Abayomi, A. A,
Agboola, O. A., Ogbuefi, E. J. I. E. L. O, &
Owoade, S. A. M. U. E. L. (2022). Systematic
review of advanced data governance strategies for
securing cloud-based data warehouses and
pipelines. Iconic  Research and  Engineering
Journals, 6(1), 784-794.

Olayinka, O. H. (2022). Ethical implications and
governance of Al models in business analytics and
data science applications. International Journal of
Engineering Technology Research & Management.

Oluoha, O. M., Odeshina, A., Reis, O., Okpeke, F.
Attipoe, V., & Orieno, O. (2022). Optimizing
business decision-making with advanced data
analytics  techniques. Iconic ~ Research  and
Engineering Journals, 6(5), 184-203.

Pirson, M., & Turnbull, S. (2011). Corporate
governance, risk management, and the financial
crisis: An information processing view. Corporate
Governance: An International Review, 19(5), 459-
470.

Rangineni, S., Bhanushali, A., Suryadevara, M.,
Venkata, S., & Peddireddy, K. (2023). A Review
on enhancing data quality for optimal data analytics
performance. International Journal of Computer
Sciences and Engineering, 11(10), 51-58.

Rangineni, S., Bhanushali, A., Suryadevara, M.,
Venkata, S., & Peddireddy, K. (2023). A Review
on enhancing data quality for optimal data analytics
performance. International Journal of Computer
Sciences and Engineering, 11(10), 51-58.

Sarker, M. N. I., Wu, M., & Hossin, M. A. (2018, May).
Smart governance through bigdata: Digital
transformation of public agencies. In 2018
international conference on artificial intelligence
and big data (ICAIBD) (pp. 62-70). IEEE.

Wamba, S. F., Gunasekaran, A., Akter, S., Ren, S. J. F.,
Dubey, R., & Childe, S. J. (2017). Big data
analytics and firm performance: Effects of dynamic
capabilities. Journal of business research, 70, 356-
365.

Wang, L. (2017, August). Heterogeneous data and big
data analytics. In ACIS (Vol. 3, No. 1, pp. 8-15).

Zollo, M., Bettinazzi, E. L., Neumann, K., & Snoeren, P.
(2016). Toward a comprehensive model of
organizational evolution: Dynamic capabilities for
innovation and adaptation of the enterprise
model. Global Strategy Journal, 6(3), 225-244.

460



